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Notations
k Key guess, k* Correct key vl Coincides with the empirical success rate
vl Gives more insights on the parameters
D(k) Distinguisher v] Depends on the number of measurements
. vl “Simple” closed form expression for any additive distinguisher
Difference

m  Derived from the theoretical success rate through
approximations

A(k* k) = D(k*) — D(k)

Estimated difference
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A, (k* k) = D, (k*) = Dy () 4 -~ B
Estimation bias R SM(D, ﬁm) _ mlIl E{AW/I/\(I‘C ] k)}
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Estimation variance \

EV(k*, k) = Var{A,,(k*, k)}
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Success Metric

= Depends on the estimation method (Fig. 1)

= Coincides with the success rate (Fig. 1)

*» Depends on the number of measurements (Fig. 2)
= More insights (Fig. 2)
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