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DONSKER’S THEOREM IN WASSERSTEIN-1 DISTANCE

L. COUTIN AND L. DECREUSEFOND

ABSTRACT. We compute the Wassertein-1 (or Kolmogorov-Rubinstein) dis-
tance between a random walk in R% and the Brownian motion. The proof is
based on a new estimate of the Lipschitz modulus of the solution of the Stein’s
equation. As an application, we can evaluate the rate of convergence towards
the local time at 0 of the Brownian motion.

1. MOTIVATIONS

For a complete, separable metric space X, the topology of convergence in dis-
tribution is metrizable [8] by considering the so-called Kolmogorov-Rubinstein or
Wasserstein-1 distance:

(1) distgr(p,v) =  sup (/ F duf/ F dl/>
FeLip, (X) \Jx b's

where
Lip;(X)={F : X - R, |F(z) — F(y)| < distx(z,y), Vx,y € X}.

The formulation (1) is well suited to evaluate distance by the Stein’s method. When
X = R, there is no particular difficulty to evaluate the K-R distance when p is
the Gaussian distribution. When, X = R, it is only recently (see [9, 12, 15] and
references therein) that some improvement of the standard Stein’s method has been
proposed to get the K-R distance to the Gaussian measure on R%. The bottleneck is
the estimate of the Lipschitz modulus of the second order derivative of the solution
of the Stein’s equation when F’ is only assumed to be Lipschitz continuous. Namely,
for f : R? — R, for any ¢ > 0, consider the function

Bf :zeRY— [ fle o+ V1 e 2y) dualy)
Rd
where p4 is the standard Gaussian measure on R%. In dimension 1, the Stein’s
equation reads as

—ah(z) + (2) = f(z) - /R £ dus,

so that
) o) = [ Po) d

0
and the subsequent computations require to evaluate only the Lipschitz modulus
of '. For f € L'(u), it is classical to see that P;f is infinitely differentiable and
that

@) BHP(a) = (

eft

V1—e 2
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2 L. COUTIN AND L. DECREUSEFOND

where Hj is the k-th Hermite polynomial. On the other hand, if f is k-times
differentiable, we have

(4) (P f)®) = e M P, (f*).

According to (3), we get

%) e_t
B (x :/ R — e tr+ V1 —e2y)yd dt.

( ) 0 m R f( y)y Ml(y)
It is apparent that the Lipschitz modulus of A’ simply depends on the Lipschitz
modulus of f. However, in higher dimension, the Stein’s equation becomes

(5) . Vh(z) + Ah(z) = f(z) /R F s

whose solution is formally given by (2). The form of (5) entails that we need
to estimate the Lipschitz modulus of Ah, which requires to use (3) for k = 2.
Unfortunately, we have to realize that

e

(%)k ¢ L'([0, +oc); dt).

Hence, until the very recent papers [9, 15], the strategy was to assume that Vf is
Lipschitz, apply once (4) to compute the first derivative of P;f and then apply (3)
to this expression:

[~ e —t Y
Ah(:c) = /0 \/1?@—275 /Rd Vf(e x + 1—e y)y dﬂd(y) dt.

This means that instead of computing the supremum in the right-hand-side of
(1), over Lipschitz functions, it is computed over functions whose first derivative is
Lipschitz. This also defines a distance, which does not change the induced topology
but the accuracy of the bound is degraded.

In infinite dimension, a new problem arises which is best explained by going back
to the roots of the Stein’s method in dimension 1. Consider that we want to estimate
the K-R distance in the standard Central Limit Theorem. Let (X,, n > 1) be a
sequence of independent, identically distributed random variables with E [X] = 0
and E[X?] = 1. Let T,, = n= /23" | X;. The Stein-Dirichlet representation
formula [6] states that

(6) BT - [ fam~E [ | trs) dt]

where
Lf(zx) = —zf(z) + f'(x) = L1 f(x) + L2 f(2),

with obvious notations. Now,
/ 1 - /
LiPf(Th) = =Ta(Pef) (Tn) = ~n > X (P (Tw).
j=1

The trick, which amounts to an integration by parts for a Malliavin structure on
independent random variables (see [7]), is to write

E X (Pf) (T0)] = B [X; ((P)(Ta) = (P (T = X5 /)]
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in view of the independence of the random variables. Then, we use the fundamental
theorem of calculus in this expression around the point T,V = T,, — X;/\/n:

B (X, (P (T) = (P) (T = X;/V)) |
- = / 1T+ v v | ar.

Since,

/0 E [X;(Ptf)”(T,:j)} dr = E I:(Ptf)ll(T;j)} ’

we get
(7) LP.f(Tp)
=——Z / (P (7 42X, /) — (B (@) dr

12 (P! (T7) — (Pf)"(T)] -

3

This formula confirms that the crux of the matter is now to estimate uniformly the
Lipschitz modulus of (P, f)”. It also shows how we get the order of convergence.
We have one occurrence of n~/2 in the definition of T}, which appears in the
expression of Li. The same factor appears a second time when we proceed to the
Taylor expansion and then, it will appear a third time when we plug (3) into (7).
This means that we have a factor n~3/2 which is summed up n times, hence the
rate of convergence which is known to be n=1/2,
Now, if we are interested in the Donsker theorem, the process whose limit we
would like to assess is
Z X;h2(t

where .

(t) = \/ﬁ/o Lij/n,(+1)/m)(8) ds.
For reasons that will be explained below, the analog of the second order derivatives
will involve

8) <h§?2,v<2> (Pef)(S79 S0 +1X; /v/n) — VO (P, f)(S”)>

K2
e

where V is the Malliavin derivative, I 2 is the Cameron-Martin space

L2 = {f,El!f € L*([0,1], dt) with f(¢) / f }

and

11l = ILfllze-
Recall that in the context of Malliavin calculus, this space is identified to its dual
which means that the dual of L? is not itself. The difficulty is then that we do not
have a n~'/2 factor in the definition of S,, and it is easily seen that 1A, = 1,
hence no multiplicative factor will pop up in (8). In [4], we bypassed this difficulty
by assuming enough regularity of f so that V(?) P, f belong to the dual of L. Then,

in the estimate of terms as those appearing in (8), it is the L2-norm of h% which

appears and it turns out that [|h]| 1> < e¢n~1/2 hence the presence of a factor n™!,

which saves the proof.
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The goal of this paper is to weaken the hypothesis on f to be able to upper-
bound the true K-R distance between the distribution of S,, and the distribution
of a Brownian motion, that is

swp  BIF(S,)] - BIf(B)].
f€Lip, (X)
The space X is a Banach space we can choose arbitrarily as far as it can be equipped
with the structure of an abstract Wiener space and it contains the sample paths of
S, and B.

The main technical result of this article is Theorem 4.4 which gives a new esti-
mate of the Lipschitz modulus of V) P, f for ¢t > 0. The main idea is to introduce
a hierarchy of approximations. There is a first scale induced by the time discretiza-
tion coming from the definition of S,,. Then, we consider a coarser discretization
onto which we project our approximations in order to benefit from the averaging
effect of the ordinary CLT. It turns out that the optimal ratio is obtained when
the mesh of the coarser subdivision is roughly the cubic root of the mesh of the
reference partition. Moreover, after [3] and [4], we are convinced that it is simpler
and as efficient to stick to finite dimension as long as possible. For, we consider
the affine interpolation of the Brownian motion as an intermediary process. The
distance between the Brownian sample-paths and their affine interpolation is well
known. This reduces the problem to estimate the distance between S, and the
affine interpolation of B, a task which can be handled by the Stein’s method. It
turns out that the bottleneck is in fact the rate of convergence of the Brownian
interpolation to the Brownian motion.

This paper is organized as follows. In Section 2, we show how to view fractional
Sobolev spaces as Wiener spaces. In Section 3, we explain the line of thoughts we
used. The proofs are given in Section 4.

2. PRELIMINARIES

2.1. Fractional Sobolev spaces. As in [5, 11], we consider the fractional Sobolev
spaces W, ,, defined for n € (0,1) and p > 1 as the the closure of C! functions with
respect to the norm

[ [f() = f(s)IP
g,p - /O |f(t)|p dt + //[071]2 |t 7 s|1+p77 dt ds.

For n = 1, Wy, is the completion of C! for the norm:

1 1
918, = [ 1o s [ 1o a
They are known to be Banach spaces and to satisfy the Sobolev embeddings [1, 10]:
W, p» C Hol(n —1/p) forn—1/p>0

/1

and

Wyp CWygforl>n>~yandn—1/p>~v—1/q.
As a consequence, since Wi, is separable (see [2]), so does W, ,. We need to
compute the W, , norm of primitive of step functions.

Lemma 2.1. Let 0 < s1 < s9 < 1 and consider

t
h81,82 (t) :/ 1[51,52](T) dr.
0
There exists ¢ > 0 such that for any si1,S2, we have

9) Hhm,Sz”nm <cls2 - S1|1/2_77-
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Proof. Remark that for any s,t € [0,1],
|h51152 (t> - h51752 (S)| < |t - S| A (52 - 51)'
The result then follows from the definition of the W), ;, norm. O

We denote by Wy o the space of continuous (hence bounded) functions on [0, 1]
equipped with the uniform norm.

2.2. Fractional spaces W, , as Wiener spaces. Let
A={(np) e R xR, 0<n—1/p<1/2} U{(0,00)}.
In what follows, we always choose 1 and p in A. Consider (Z,, n > 1) a sequence of

independent, standard Gaussian random variables and let (z,, n > 1) be a complete
orthonormal basis of I . Then, we know from [13] that

N 0o
(10) S Zno 222 Bi= > Zy 2, in W, with probability 1,

n=1 n=1
where B is a Brownian motion. We clearly have the diagram
(11) W, 0 (1) = 1 g <2205 W,
where ¢, , is the embedding from I > into W, ,. The space I 2 is dense in W,
since polynomials do belong to I 2. Moreover, Eqn. (10) and the Parseval identity
entail that for any z € W*,

i(2,B) = 1.,
(12) E [e Wnyp’WU’P:| = exp (5“%@(2)”%,2) .

We denote by p,,, the law of B on W, ,. Then, the diagram (11) and the iden-
tity (12) mean that (11,2, Wi p, ttn,p) is & Wiener space.

Definition 2.1 (Wiener integral). The Wiener integral, denoted as 0, ,, is the

isometric extension of the map

P>

Onp e;;,p(W;;,p) Chy— LQ(NW))

*

e () — (0 Vwe w, -
This means that if A = lim,,_, e;’p(nn) in I o,
. . 2
bn,ph(y) = nhHH;o (s y>W;,p7W77vP in L*(pn,p)-

Definition 2.2 (Ornstein-Uhlenbeck semi-group). For any Lipschitz function on
Wy,p, for any 7 > 0,

P, f(x) = /W Fe 2 + Bry) A (y)
where 3, = V1 — e 27,

The dominated convergence theorem entails that P- is ergodic: For any x € W, ,
with probability 1,
P‘rf(z) S ! d,un,p'
WTIwP
Moreover, the invariance by rotation of Gaussian measures implies that

/ Py f(x) dpyp(x) = f dpyp, for any 7 > 0.
W,

n.p Wn,p
Otherwise stated, the Gaussian measure on W, , is the invariant and stationary
measure of the semi-group P = (P, 7 > 0). For details on the Malliavin gradient,
we refer to [14, 17].
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Definition 2.3. Let X be a Banach space. A function f : W, , — X is said to
be cylindrical if it is of the form

k
(y) = Z Fi@npha(y), -+ 5 0 phi(y))

where for any j € {1,--- ,k}, f; belongs to the Schwartz space on R¥, (hy, -, hg)
are elements of I o and (z1,---,z%) belong to X. The set of such functions is
denoted by €(X).
For h € I} ,25
kok
(VI R, =2 > uf@Gnpha(y)s---  Snpha(®) (s By, @,
j=11=1

which is equivalent to say

k
Vf= Z ajf((;n,phl(y)a Tt a5n,phk(y)) h® ;.

gl=1
It is proved in [16, Theorem 4.8] that
Theorem 2.2. For f € Lip,(W, ), for any t > 0, for any x € W, ,,

d

(13) = Pf(@) =~ (&, V(PH@)w, , ws, +Z< VP f(2), hi @ hy)

Iy 2
where (hy, n > 1) is complete orthonormal basis of H.

Note that a non trivial part of this theorem is to prove that the terms are
meaningful: that VP f has values in Wy, instead of I; o and that VAP, f(x) is
trace-class. Actually, we only need a finite dimensional version of this identity in
which all these difficulties do not appear.

3. DONSKER’'S THEOREM IN W, ,,

Form > 1,let D™ = {i/m, i =0,--- ,m}, the regular subdivision of the interval
[0,1]. Let
A" ={1,--- ,d} x{0,--- ,m —1}
and for a = (a1, az) € A™

t
hgl(t) = \/E / l[ag,ag-i-l/m)(s) dS €a; -
0

= > Xahl

acA™
where (X,, a € A™) is a family of independent identically distributed, R%valued,
random variables. We denote by X a random variable which has their common
distribution. Moreover, we assume that E[X] = 0 and E [||X|%.] = 1. Remark
that (hY',a € A™) is an orthonormal family in R? @ Iy 5 := I{,. Let

V™ = span(h]', a € A™) C I{,.

Consider

For any m > 0, the map 7™ is the orthogonal projection from H := Ifl72 onto V™.
Let 0 < N <m, for f € Lip,(W,,), we write

(1) E[/(S™)] - EL/(B)] =) 4
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where
A1 =E[f(S™)] - E[f(=¥(S™)]
Ay =E[for™(S™)] —E[for™(B™)],
Az =E[for™(B™)] - E[f(B)],

where B™ is the affine interpolation of the Brownian motion:

BU() = 3 Vi (Buy(az + —) — By (a2)) W2 (0).
acA™ m
The two terms A; and Ag are of the same nature: We have to compare two processes
which live on the same probability space. Since f is Lipschitz, we can proceed by
comparison of their sample-paths. The term Aj is different as the two processes
involved live on different probability spaces. This is for this term that the Stein’s
method will be used.
We know from [11] that

Theorem 3.1. For any (n,p) € A, there exists ¢ > 0 such that

1/
poll<e

(15) sup N'*7"E [|BY - B|
N

Moreover, we have

Theorem 3.2. Let (n,p) € A. Assume that X € LP(W;R%, p, ). There exists a
constant ¢ > 0 such that
1_ m m 1/
suII\)[N2 nE [HS — 7N (8 )Hgd P<e 1 X || e

This upper-bound is far from being optimal and it is likely that it could be
improved to obtain a factor N'=7. However, in view of (15), it would bring no
improvement to our final result.

Theorem 3.3. Let (n,p) € A. Let X, belong to LP(W;R%, uu,, ,,) for some p > 3.
Then, there exists ¢ > 0 such that for any f € Lip,(Wy,p),

Nl-‘,—n N1+’r]

1 E [f(#V(S™)] = E [f(#V(B™)] < | X||p» —= In(—=)
16) B[ (S™)] - B [ (B)] < el Xl = (=)

The global upper-bound for (14) is proportional to
N7Y24n L N1+ =12 g (N =12,
See N as a function of m and note that this expression is minimal for N ~ m1/3.
Plug this into the previous expressions to obtain the main result of this paper:

Theorem 3.4. Assume that X € LP(W;R%, i, ,). Then, there exists a constant
¢ > 0 such that

(17) sup  B[f(S™)] —E[f(B)] < c|X|[},q m™ 53 In(m).
feLip; (Wy,p)

As an application of the previous considerations, we obtain as a corollary an
approximation theorem for the local time of the Brownian motion.
The reflected Brownian motion is defined as

R; = By + sup max (0, —B;)
0<s<t

and the reflected linear interpolation of random walk is

R = X" 4+ sup max (0, —X") := X" + L§*(t).
0<s<t



8 L. COUTIN AND L. DECREUSEFOND

The process Lo(t) := supy«s<; max (0, —By) is an expression of the local time of the
Brownian motion at 0. Note that the map f +— (t — f(t) 4 supy< <, max (0, — f(s)))
is Lipschitz continuous from any W, , into Wy o. One of the interest of our new
result is that we can then apply the previous theorem in Wy o to L7 and Lg. We
get

Corollary 3.5. Assume that the hypothesis of Theorem 3.4 hold. There exists a
constant ¢ > 0 such that

sup  E[f(LE)] — E[f(Lo)] < ¢l|X|zs m ™ In(m).
f€Lip; (Wo,00)

4. PROOFS

In what follows, ¢ denote a non significant constant which may vary from line to
line. We borrow from the current usage in rough path theory the notation

(18) for = () = £(s).
As a preparation to the proof of Theorem 3.2, we need the following lemma.

Lemma 4.1. For all p > 2, there exists a constant ¢, such that for any sequence
of independent, identically distributed random variables (X;,i € N) with X € LP
and any sequence (o, i € N).

n
E o; X;
i=1

where |A| is the cardinality of the set A.

E ] < epl{i <m0 £ 0} (Y Jeul?) B(IXPP),

i<n

Proof. The Burkholder-Davis Gundy inequality applied to the discrete martingale
(>, aiX;, n > 0) yields

n p/2

Z OéiXi

i=1

E

n

22
E a; X;
i=1

p
] < ¢ E

Using Jensen inequality we obtain

n p n
E Z%Xz‘ ‘| §cp‘{i§n,ai7é0}‘lﬂ/2fl E Z|ai|pr] )
i=1 i=1
The proof is thus complete. (I

Proof of Theorem 3.2. Actually, we already proved in [4] that
(19) E (ISTP] < el Xller (VE=5 Am1/2)

Assume that s and ¢ belongs to the same sub-interval: There exists [ € {1,..., N}

such that
l—1< <t<l
< Z
N - N

Then we have (see (18))

V(8™ = VN <i X (hg@,th)h,2> (t —s).

k=1
Using Lemma 4.1, there exists a constant ¢ such that
[T (S™)s.tllr

m 1/2 m
\/N|tfs| <c| Xz ‘{kv( kath)Iw?éO}’ Sgp’(hkvh{\[)lm’-
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Note that [(h",h])r,,| < (/& and there is at most 2 + 2 terms such that

(R, hl\)1,., is non zero. Thus,

™ (S™)s,tll e

Mer < opx (Br2) X <epx)
& P - — (& P,
VNIt—s| — AN m = g

as m/N tends to infinity. Since |t —s| < 1/N,

(20) 7™ (5™ sl < el X ||o /1t — 5.

For 0 <s<t<1let sf :=min{l, s < %} and tV := sup{l, t > %} We have
ﬂ-N(‘Swn)s,t7‘9:?15 = (ﬁN(Sm)s sf S;ns+)

+ (ﬂ.N(Sm)sf,tf’ - S;?\r’,tlj) + (ﬂ-N(Sm)tf,t - ;,77\77t)'

Note that for all f € W, ,,, 7™V (f) is the linear interpolation of f along the subdivi-
sion Dy; hence, for s,t € Dy, 7V (S™)st = S . Thus the median term vanishes
and we obtain

(21) E (|7 (8™)se = SEIP] < e(B |17 (™) o I7] + B 187 17]
+E |7V (5™ o] + B [I575 7] )

From (20), we deduce that

(22)  E[JxV(s" SSM <cl|X||re /sy — s < )| Xl N7V2,

and the same holds for E {|\WN(Sm)t§7t||p}. We infer from (19), (20) and (22) that

(23) B [||rY (S™)s0 — STP]YE < e X o (\/t—sAN*W).
A straightforward computation shows that
t—s| AN—1P/2
(24) / / It =sIANTTE g gt < o y—p/2-m),
0,12 [t — s|t+me
The result follows (23) and (24). O

4.1. Stein method. We wish to estimate
E [f(=¥(5™))] —E [f(="(B™))],
using the Stein’s method. For the sake of simplicity, we set
fn=for

The Stein-Dirichlet representation formula [6] stands that, for any 7 > 0,
m m > d m
Bl (B - Blw(s™I =B | [ G rin(s) ar]
0

= E[P,, fn(S™) — fn(S™)] +E UTOO LP; fn(S™) dT] ;

[0
where

LPfn(S™) = = (S™, VP N (S™ g + 3 (TP fa(S™), hif @ bl )

I,.02
aceA™ 12

It is straightforward (see [4, Lemma 4.1]):
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Lemma 4.2. For any (n,p) € A, there exists a constant ¢ > 0 such that for
any sequence of independent, centered random vectors (X,, a € A™) such that
E [|X|?] < oo, for any f € Lip; (W, ), we have

E[f(S™)] = E[Prf(S")] < c[|X][r V1 —em.

We now show, that as usual, the rate of convergence in the Stein’s method is
related to the Lipschitz modulus of the second order derivative of the solution of
the Stein’s equation. Namely, we have

Lemma 4.3. For any f € Lip, (W, ), we have

E[LP; fn(S™)]

= B| Y (VP n(ST) ~ VP (5™, b @b 2@]
acA™ ’
1
+E|> X] / (VO P, (ST, + X b)) = VO P fn (S7), he2) d]
acA 0 b2

Proof of Lemma 4.3. Let ST, = S™ — X,hl". Since the X,’s are independent,

E [<VPrfN, Sm)ﬁ,z}

=E| > X, <VPTfN(Sm),h:;l>ILZ]
acA™
= E| ) Xu (VP fn(S™) = VPrfn(ST), hgmm]
acA™
_ 2 (2) m m m
E Z Xa <v PTfN(Sﬁa% ha ®h’a >112®2
acA™ ’
1
+ B XZ / <v<2>PTfN<STa+rXah?)fv<2>PTfN(STa),h’;®2> d] :
acA 0 Iy 2

according to the Taylor formula. Since E [X 3] =1, we have

B X2 < (2) > m m m>
Z a (VWP fN(Sﬁa)v hg' & hg Iy 2®2
acA™ '
_ (2) m m m
=E Z <V Prfn(8%0), ha' @ hq >11 2®2] )
acA™ ’
The result follows by difference. O

The main difficulty and then the main contribution of this paper is to find an
estimate of

sup <V(2)PT Fn(@) = VOP fa(v+eh™), k" @ h;n> ,

veym 1,292

for any e.
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Theorem 4.4. There exists a constant ¢ such that for any 7 > 0, for any v € V™,
for any f € Lip(Wy, ),

(25) ‘<v<2>P;"fN(v +ehyt) = VPP fu(v), b @ )

I; o®2
6757/2 L N3
<c—g—eN""24[—
/2 m

Proof of Theorem 4.4. We know from [16, 4] that we have the following represen-
tation: for any h € I o,

(26)
<v<2>p:lf(v), he h>lm®2 - % E [f (wT(v, B™, Bm))6n7ph(B)6n7ph(3)}
where

W (Ua Y, Z) = e_T/Q(e_T/QU + ﬁ'r/?y) + 67'/22

and B is an independent copy of B. Since the map v is linear with respect to its
three arguments,

In (’wq—(’U, B™, Bm)) =fn (wT(ﬂN’U, WNBmv WNBm))'
Hence,

—37/2 -1
€ (2) pm
(27) <ﬁ2 ) (VAP fn (), heh)

/2

Ip,2®2
= E [ (wr (w0, 7 B, 7V B) ) [6,,h(B) | 7V B"| E [5,,h(B) | =¥ 5™

From Lemma 4.7, we know that

(28) Var (E [5n,ph(3) | WNBWD <e %

for m > 8 N, and the same holds for the other conditional expectation. Use Cauchy-
Schwarz inequality in (27) and take (28) into account to obtain

-1
—37/2
(29) (—) '<v<2>P:”fN<v+ehz”>v<2>P;”fN<v>, RrRT)
/2 1,2
N\? - .
<c <—> er(wNU,ﬂNBm,wNBm) 7’LUT(WNU+€7TNth,7TNBm,7TNBm)HW
m P

-7 N ? Npm
e <E> T
since fy belongs to Lip; (W, ;). Furthermore,

V() = D (R ), by
bEAN ’

. /N
0< (hy' hy'),, , < —

and that at most two terms <h;", hév > 7,, are mon zero. Moreover, according to

We already know that

Lemma 2.1
WY lw, < eNT"3.

mpP
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Thus,
N 1
(30) 17 () I, < eyf— N77%.
m
Plug estimation (30) into estimation (29) yields estimate (25). O

According to (25) and Lemma 4.3, since the cardinality of A™ is dm, we obtain
the following theorem.
Theorem 4.5. If X, belongs to LP, for any 19 > 0, there exists ¢ > 0 such that

1+n 00 6757/2
dr.

oo - N
(31) E[/ LP fx(S )df] <elXl e | 7o

If we combine Lemma 4.2 and (31), we get
[E[fn(S™)] - E[fn(B™)]]

N1+77 o] 6—57'/2
< 3 —e 7 .
< | X <\/1 e~ + N = dT)

Optimizing with respect to 7y yields Theorem 3.3.

It remains to prove (28). For the sake of simplicity, we give the proof for d = 1.
The general situation is similar but with more involved notations.

We recall that

N-1
=B =Y Gy
b=0
where
m—1
m,N m m
(32) Gyt =Y (), Snp (B,
a=0
Lemma 4.6. The covariance matriz I of the Gaussian vector (GZ”’N, b=0,--- ,N—
1) is invertible and satisfies
(33) IT o < 2.
Proof. Since the h™ are orthogonal in L?, for any b,c € {0,--- , N — 1},
m—1
(34) The= > AN IR (AN AP
a=0

Since a sub-interval of D,, intersects at most two sub-intervals of Dy, the matrix
I" is tridiagonal. Furthermore, we know that
N
m p N
(35) 0<(hl hy >11,2 <y
and for each b, there are at least (N/m — 3) terms of this kind which are equal to
(N/m)~1/2. Hence,
m N 3
Ty >(— —3 R P
bo 2 (7 =3/ )" = ]
Since I' is tridiagonal, this implies that it is invertible. Moreover, let D be the
diagonal matrix extracted from I'. We have proved that || D|l > 3/4.
For |b — ¢| = 1, there is at most one term of the sum (34) which yields a non
zero scalar product, hence

N
|Fb,c| S :
m
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Set S =T — D. The matrix D~1S has at most two non null entries and

SN 1
DS < - —< =,
ID7 Sl < 5o < 2
if m > 8N. By iteration, we get for any k > 1,
_ 1
[(D7'8)" o < 5
Moreover,
Y (=D'S)F =(1d+ D7) =T7'D.
k=0
Thus,
41
-1 o
Mo <53 3 =2
k=0
The proof is thus complete. O

Lemma 4.7. There exists a constant ¢ which depends only on the dimension d
such that for all m, N with m > 8N, for any a € AN

N
Var [E [6,,(h") | WN(BW)H < c—-
m
Proof. Using the framework of Gaussian vectors, for all a € {0,--- ,m — 1}
(36) E [%m(hgl) | WN(BW)] = Z CZ,LI;NGZL’N'
be AN

For any ¢ € {0,--- , N — 1}, on the one hand

N—1m-—1
E[E [0,,(hi") |7 (B™)] Ge] = > > Coy™ (B hyl), (W Y
b=0 7=0
N-—1
= C’;’?,;NF;,C
b=0

and on the other hand,

B[E [6,,(h) |7 (B™)] Go] = Blb,,(h) Ge) = (h hY), .
This means that

((h;”, WYY, =0, ,N—l) - (c;’jl;N, b=0,- - ,N—1)r.
In view of Lemma 4.6, this entails that

(Cm b=0, o N = 1) = (i, BNy, e=0, N =1)T7

I2”

Once again we invoke (35) and the fact that at most two of the terms (A", hY)

are non zero for a fixed a, to deduce that

m _ N N
(37) sup [C3N| < 2T Moo/ — = 44/ —
a,b m m

Now then, according to the very definition of the conditional expectation

Var [E [5n,p(h;n)|7TN(Bm)H =E [577710(}121) E [5n7p(hgl)|7TN(Bm)H

Iy 2

N—-1
=y o (n )
b=0

Iio
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Hence,
Var [E [6,,,(hi")|7™ (B™)]] < 2sup |C;7fl;N|\/ N <8 E,
a,b m m
according to (37). The constant 8 has to be modified when d > 1. O
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